W33 % &6 VT RS RN Vol.33  No.6
2018 4F 6 J Chinese Journal of Liquid Crystals and Displays Jun. 2018

XEHS:1007-2780(2018)06-0497-07
ETRiIHEENN#HBESEHBIRANEZE

EREVZ INETLY X E T R B
(LPERFER KELFBEENWREDEF R, 4 K& 130033;
2. ERF R AZE,ALE 100049)

FEEE B ST AL P B R B R L 32 B B AR R DU AE R 2 U B2 BN . BEXT S R E 3 B AR R 5 vk B %
PR B IR 7 0 B G AR B s e, Ry T B R B A RS R B A I BB T L AR SC R GEAE AT T S v ok 5 R 2 9 O 2 R AR
PO T — AT ST E B 0 e S T L B e AR R LI 2 43 6T ' RS B Ry L R R 43 A R
43 o () Bt 25 B3k 4w At B ML IR N7 M 75 L 4K 5 A T B 3 R v 5 A SR B G TR, A R TR R SR B A S R
Y SRS RN ST 5 =i TR S A BUE () B AR A B AT 53 5 A BIMER A AT R KR, SCER &5
SRR AT AT L AE A i S 3 A AR fE oS 0 003 2h B AR 1 B0 IR s 3RO IR T 7.4 06,45 36 T w2 e L R
o T S A 5 0 S AT, A RN A IS P G

X # WAL E AAEMNERER;H RS

FE S ES TP391 X EkFRIZAD : A doi:10.3788/YJYXS20183306.0497

Improved sliding average target detection
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Abstract: With the development of real-time video surveillance, moving target detection algorithm has
been used in many fields. The current moving object detection algorithm is most vulnerable to envi-
ronmental noise and light mutation. In order to improve the stability and self-adaptability of the algo-
rithm, an improved moving average target detection algorithm based on statistical information is pro-
posed. Firstly, on the basis of the characteristics of inter-frame difference that is insensitive about
light, the background and foreground parts are separated and other random noise is also removed. Sec-
ondly, the information of statistical counting of foreground points is introduced in the moving average
algorithm to adaptive update background modeling learning rate which is effective to accelerate the

convergence of the background model. Finally, to get accurate moving target position we should
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process the results of the two algorithms by further using morphological methods and AND operation.

Experimental results show that the proposed algorithm can accurately locate moving targets under the

condition of light mutation and leaves shaking. Compared to the previous algorithm, the TP rate in-

creases by 7.4% and the FP rate significantly decreases. The proposed algorithm has better robustness

and adaptability.
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Fig.1 Detection result of moving average algorithm
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Fig.2  Detection result of three frame difference

algorithm
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Fig.6  Indoor pedestrian walking detection experi-

ment
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Fig.7 Image processing system
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